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Building and evaluating neural networks for policy functions of mahjong

Taistl SHIMIZUY®)  TETSURO TANAKAZ2-P)

Abstract: With the success of AlphaGo Zero, which achieved strength far exceeding the top players of Go
by using only the reinforcement learning by self-training using almost no game-specific features for input,
many people have been attempting to create strong players by learning a neural network that does not use
game-specific features for input as much as possible. Reinforcement learning with self-training requires ex-
periments using a large amount of computation. We propose a method for finding a suitable network model,
which is learned by using a small game with the characteristics of the game with supervised learning before
using reinforcement learning. Since supervised learning for a small game can be completed in a short time,
we can select a suitable model from various network models using hyperparameter automatic optimization
tools. In this study, we evaluated the neural network model by supervised learning for mini-games that
require the best of the theory while retaining the characteristics of mahjong. We call this variation of games
as mini-mahjong. The proposed model achieves higher accuracy than the models previously proposed. This
highly evaluated model applied to reinforcement learning, but the accuracy was low.
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DOV WEHEITIE, HREHAVWTELEE KD, %
DIEEBEIT -2 e TEHILHRBBIIRDEEZOND.

BB IO THWZ I — Nid github(https://
github.com/minnsou/gpw2019) TR L TV 5.

BIEE  ARBFZEIE JSPS BHFE 18K11600 DB % 32 1F T
BIhbihiz.
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